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Meta-TAK" A Scalable Double-Clustering Method

for Treatment Sequences Visualization in Breast Cancer from Claim data

Context Results

This work focuses on the study of treatment sequences, particularly the extraction of patterns from non-clinical
claim databases through clustering. For this purpose, the TAK? algorithm was proposed and demonstrate its

usefulness. However, the scalability of the TAK algorithm regarding the number of patients is an issue, the method Performance

being impossible to use in practice for thousands of patients. For this purpose, an extension of the TAK algorithm

is presented in the following. Referred to as Meta-TAK, this method appears to be robust and computationally The Meta-TAK is a great alternative to the TAK for large cohorts of patients (thousands of patients)
efficient. vy

An example using HER2-positive early breast cancer (eBC) extracted from the PMSI (2,477 patients) illustrates the =@é?)'

quantitative and qualitative performances of the method.
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Conclusion

The Meta-TAK paves the way to scale up the clustering method to large cohorts of tens of thousands of

Resulting image patients while maintaining a low heterogeneity, which makes clinical interpretations still trustworthy.
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